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Summary De novo clustering of 10x MTG data Donor analysis and cell type proportions in Alzheimer disease data

. Dementia affects nearly ~11% of the U.S. population over the age of 65, with the incidence doubling every 5 years up to -Cluster names are assigned based on [Hodge et al. 2019] using the Random Forest classifier UWA 7028
- 0 I I ! I ° ° ° eg s i
40-60% after the age of 90. Around 2/3 of these cases are correlated with Alzheimer’s disease. -The clusters are named after the majority class in every cluster condition donor ID Fraction of cells per type
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» The key strategy to identify AD-related changes in cell type proportions and properties is to generate a well- Glutamatergic GABAergic Non-neuronal
annotated reference cell type classification of the neurotypical brain, and then map AD data to that reference to o H18:30:003
i i i ific cell ring di rogression. e D D
discern pathological changes in specific cell types during disease progressio - o H19.30.001 & ©
i
, , , - , o ~ ~ e H19.30.002 =« -
- We present a workflow for constructing a neurotypical brain reference classification and strategies for mapping disease & Q. o UWAE989 T o e
datasets for middle temporal gyrus (MTG) based on 10x Genomics single nucleus RNA sequencing data. s s 2 T
- == . e UWA 6992 il Exc LETEELAIT
. L . . . o ~ & ~ " » UWA 7028 £ N
- Non-linear dimensionality reduction and clustering of nearly 90 thousand nuclei from 3 patients identified 29 o o o . s UWA 7049 > 0 - sear™= =
glutamatergic neuron, 41 GABAergic neuron and 10 non-neuronal types, very similar to recently published results g % g ‘ .
using SMART-seq methodologies [Hodge et al. 2019]. - S = '
O
I I I I I
- We applied neural network and random forest classifiers to identify known cell types and cell classes in the tissue from 0 5 10 15 20 25
nd Alzheimer’ ients. .
aged and eimers patients h ' e Alzheimer and Aged Reference MTG
. . . b & » Reference dataset
- We found that that the new reference dataset based on 10X Genomics MTG data could be successfully used to identify
known cell types in AD tissues based on patterns of gene expression. UMAP1 UMAP1 UMAP1 -There are expected disease-specific differences between Alzheimer and MTG reference data
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